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Research Progress on Remote Sensing Extraction Methods for Fractional Vegetation Cover
Ping Xiong Jipeng Li Gang Xue
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[Abstract] Fractional vegetation cover is an important index to evaluate the growth status of surface vegetation
and environmental quality, and remote sensing technology has become an important tool for fractional
vegetation cover extraction because of its high spatial and temporal resolution, high efficiency and non—contact
nature. Based on the summary of previous researches, this paper reviews the applications of current mainstream
remote sensing techniques in fractional vegetation cover extraction, including model method, vegetation index
method, machine learning method and deep learning method, and analyzes the advantages and disadvantages of
each method as well as the scope of application. Finally, the development trend of future fractional vegetation
cover extraction methods is prospected.
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